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Our group investigated the Letterboxd dataset
provided by Kaggle. Letterboxd is an app with over 17
million users where users can rate and favorite
movies. This dataset (24.71GB) provided information
such as studio, actors, release date, rating, and more
for over 950,000 movies.
Throughout this project we sought to answer the
following question: What defines a successful movie
studio?

Introduction

actors.csv: id, name, role
countries.csv: id, country
crew.csv: id, role, name
genres.csv: id, genre
languages.csv: id, type, language

movies.csv: id, name, date, tagline
posters.csv: id, link
releases.csv: id, country, date, type, rating
studios.csv: id, studio
themes.csv: id, theme



User Ratings approach: 
Focused only on overall user rating
totals to reflect both productivity and
audience reception.
Tracked how studio’s yearly average
ratings
Compared trends across studios to
identify differences in consistency,
growth, and audience approval over
time.

Introduction - What defines a “successful studio”? 

Cumulative Methods Approach: 
Combining data across various variables in
many csvs: movies, studios, crew, cast,
release dates, rating, etc
Built a success score based on multiple
factors: longevity, production volume, global
reach, and average movie ratings (ratings
weighted at 25%).
Analyzed similarities actoss these top 10
studios

We investigated this question in two different ways:



Success score is computed as a weighted sum of normalized metrics, which

is a form of linear combination:

each wi are the weights (25% for rating, and xi are the normalized metrics

Most successful studios? Method 1 - Cumulative
Statistical Methods (Ran with HTCondor)
Statistical Method Step 1: Data Aggregations: means, counts,

totals
Join (by studio)

avg_rating: average rating across movies

studio_movies_per_year: total movies, years active (first year - last year), average

movies per year

studio_country_reach: average number of countries released per movie

actors_per_movie: avg # actors per movie by studio (measure cast size

crew_info: total # unique crew roles, total # crew members (measures production

depth per movie

Rescale each metric (0–1)

Compute success_score using weighted sum:

25% rating

10% movies per year

10% total movies

15% years active (including re-releases)

15% country reach

10% crew roles

15% crew total

Sort descending by success

Statistical Step 2: Normalization (rescaling) to standardize metrics

Statistical Method Step 3: Success Score as a weighted sum

Number of Jobs, Memory, Disk Space
Four jobs with 1 CPU, 4 GB Memory, 2GB Disk Space1.



Studio                       
1.Mill Film                    

2. Casino Royale Productions    

3. Orion-Nova Productions     

4. Warner Bros. Pictures        

5. 16:14 Entertainment    

6. Torridon Films               

7. Société Westi         

8. P of A Productions Limited 

9. Patron Inc.                  

10. 8:38 Productions             

Method 1 results (+outside research for validity)

(1) Movie: Gladiator (2000)
Winner: Best Visual
Effects Oscar 2001

(2) Movie: Casino
Royale (2006)

ft Daniel Craig as
James Bond

(10) 8:38
Productions -

Prisoners with
Hugh Jackman,
Jake Gyllenhall

(3) Movie: 12
Angry Men

(1957) 3 Oscars
wins



Results
1. Types of movies found
2. Small studio domination
3. Visualization - Blockbusters/critically acclaimed movies
have switched to darker posters



Top Studios (Cumulative) Movie Posters
Mill Film Casino Royale Productions Orion-Nova Productions

Warner Bros. Pictures 16:14 Entertainment



Top Studios (Cumulative) Movie Posters
Torridon Films Société Westi P of A Productions Limited

Patron Inc. 8:38 Productions



Method 2 Results
The top 10 most influential studios, in

terms of total viewer-rated impact, over

the past decade, identify long-term

trends in studio reputation and

consistency.

Grouped summary statistics (sum of

ratings by studio)

 Parallel jobs (10 jobs) on CHTC to

compute yearly average ratings for

each of the top 10 studios. These jobs

requested 512 MB of memory and

4096 MB of disk space.



Method 2 Results

Successful studios based on average 



Method 2 Results



Weaknesses and Future Work
Young age range of reviewers- confounding variable

contributing to ratings

Future work could include aggregating movie ratings from

critics

Arbitrary weighting system - metrics being weighed

differently on importance in our cumulative model could

have impacted our results

Future work could include an analysis of how important each

metric is, and weighting them on those results

Flawed data - our dataset contained studios that were

involved in the production of only one movie, and/or a

handful of related films. 

Future work: filtering out studios that produced a small

number of films



Using a cumulative approach (Method 1) revealed that

many successful studios are smaller but work on large

blockbusters

Analyzing movie ratings alone (Method 2) concluded that

successful studios produced movies that tell stories with

depth and hold the features of independent studio

production

While there is not one specific recipe that leads to a

successful production studio, there are significant findings

that reveal themselves depending on metrics one chooses

to focus on.

Conclusion


